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The purposes of this study were to identify latent classes according
to change patterns in retiree's depression after retirement and to test
determinants of the latent classes. To achieve these goals, Growth
Mixture Model was applied using retiree's data from KLoSA (Korean
Longitudinal Study of Aging) panel. Our studies supported a 4-class
model defined as 'low-level', 'increasing', 'decreasing', and 'high-level'
class based on the change patterns of retiree's depression. Further
results revealed that self-reported health and economic satisfaction,
pre-retirement labor income, public pension, and causes of retirement
(health-related) were significant determinants of the latent classes.
Specifically, the retirees that reported higher health satisfaction had
higher probabilities of being members of the low- level’ or ‘increasing’
classes. Those that reported higher economic satisfaction had higher
probabilities of being members of the low-1 evel’ or ‘increasing’ classes.
The retirees with more pre-retirement income were more likely to
belong to the ‘low-level class, while those who received more public
pension were more likely to belong to the ‘decreasing or ‘high-level’
class. Those that had retired on the grounds of health problems of
his/her own or family had higher probabilities to be the members of
the ‘high-level class. The results of this study can be useful in understanding
the change patterns in retiree’'s depression and providing further

policy intervention.




N2 82 E(Growth Mixture Mode)2 M85t 2EX 22| HMAS 27 2 IR 45 47

Key words: retiree, depression, Growth Mixture Model, Korean Longitudinal
Study of Aging

20000 B = Al s ARS R XY ekal Q= Sk ARSJOll A, A Q1]

A% BAE A dFe] shaslolof sl Algkow ¥2bwaL glr). B3

Al 2017). o3k =4 &2 FA= =3 S7E= o]ofd 5 il yelrt

2 gl o]=A e 4= vk AAl= 20154 =] =) ARES

®
rlr
>~
>,
B
o
T
2
N
rr
o,
X
flo
>,
—_>‘4-"4
)
2
A
u-{o
Sy
k)
i)
N
=)
1L
:<|)L_',
(03
9
rok
au
roh
Hl
1o,

e
o,
=
o
2
o
[\)
(-]
—_
-
o
0
re
it
t
)
rlo
i
of
ox,
e
o
o
do
ol
ol
N
=2,
ofj
ML
of
ed)
A
&2
N

of BAIA ol go] WA SAH Q017 wEE 2F A]7]<] 5541 ~ 794



Faz 2l%le
___tq o
o] &
5
6267F 71
O] o
o
A} 5}
S

S

3

1A=
OX], —
>
6

2A4%7F AH

= 0]

HQ

= fﬂu

oo
?mm]
%%mmﬂ
5 1
ummgmi?
%qzjqaﬂr.,
Zm%w%%mbmqwmﬂﬂo
%é%%ﬁMMﬁ&%ﬁ%
fﬂzilwo»ﬁﬂmmﬂoioe
ﬁ%ﬂmowgp_géwuﬁgm
f%moaan,:%ML xgm_M@
Estamﬂggmofbm@%v
?ﬂxé ﬂ?ﬂ o okhwr
mgﬂor__ﬂ oH ﬂllfﬁaﬂa]ébb
JE%wW%%omqgtmnma :
wuiﬁeéommwhbiﬂom,wﬂu% g A
aﬂwwﬂmyyﬁx%mmg%w wJamL
T 1__/.0 ol Lo S o W) RO = o — N2 JJ B R o o
@Jaf_f m@v mﬂ.mﬁ%zﬂfgw p gy g
%%q@uﬂgygomxyu%y W@x%g
xxﬂﬁﬂul,_ﬂd J %ﬁodéé o uweoo
Ltﬂ_x N Eaﬂlka] ZZ_ dﬂll T L o
Jlll] 110]1_.6uoeleﬁLmﬂL|X U.lﬂﬂ&ﬂ
; »A,._ OM]O_/OH _1_ J'].'Xﬂ E g‘
@o)o wf?xiqaﬂuo 3 g;f;1
MﬂT%ﬁL,ﬂl@L%&ﬂOE}deLOLJW ,Aoﬂﬂ_Alao
%ﬂ%hg Mﬂ&mﬂumv Eﬂ,x @ﬂﬂaq
ﬂudmllrxﬁouﬁhoéo}ee w )WE
PoER M.Lﬂrll oodlﬂunmja._wjl%e%ﬂmn ZLEAOJ.O
%LoToHo,_ mtmﬂﬂbceﬁhcﬂmwuxﬂﬁxﬁmﬂ *oﬂ_o'mbﬁx
4,_ 4mn_118%oﬂ.huo wafau ogmm%ﬂ
zﬂmﬁwroﬂdﬁaquemqo EOS(AH
@%?ZMEMLunN ;lnzn.A”Rdr.E%@ aEENer
MMOOEHOAOOEﬂdu;tMA%ﬂuﬁx_. ]ZIﬁo_w,A\_
i omegoEgﬂmowd;%othroa&oZo @W%ﬂ@
ix%ﬂﬁo%#ﬁﬁﬁﬁoﬂwﬁuofwoé %iﬂﬂ%h
ﬁoﬂL4],ooyuﬂﬂEa ) 3 i ’
B ﬂwg%éz ﬂef#L Edz&
H OL. oo aOf‘l,Ur_r‘ml ﬂwu Lll]F
iﬁogwmﬂfoﬁmmwﬂiﬂo] Fﬂroﬁﬂoﬂﬂo7
Lok o) c) o ) DR - o o 9 M/m o ol e}
;;iﬂii
— ; ‘I‘l_l.Ll )
,ﬂﬂo_//\ f%ﬁ.ﬁr m Wﬁox]ﬂLOf%._
H._d.lmﬂmm ﬂﬁa o O 7&053
% N 5 o n B = <0 e o W< ur
79_0 ol 7_|U x B J_,NL] 1
,_ﬂE>‘L|O xﬂgquqﬂi
E;u_ug @;%g%%o
H s G 5 S
2”%%11_11&1_
o\). K
ormmﬂi
HLZ oF
;OTJl.EmEﬁO
)A0:|
iw:
o

——]’:]—_y_ N
)\)\q_

5

o’
= Aol

)

}\1:—
L

A7}



l

o] & (activity theory)

184 219) b e 3 71 el A]

|

Aol =71 0] Z(life course

T

=] -

]_

S

% A

o=t 7H4

A pE A A e ol

(disengagement theory), ~12] 3l %9
'(H

3l
7
S|

<

A

=

T

=

T

2008). =5l u}

=
==

(Growth Mixture Model)2 25t SE|X} 29| &xiA

Zro] Aol|=7] F ALt
HE w3l u}

[e]

T

g

o

(X

o] UTHZA

HE Q
theory),
o go] E(role theory)ol W=

SyEse

=
[}

R H T 0 o T F o W =
W RN Z AR RO m
= 0o <X K r X %
) = G - C
NJo m’ <o ﬂw,m %0 o Mm 70 =) 8
PSS fEeoRs ®HZ
5 g mw G BOow S
H O =y NS B/ — N N N
= Loy o ~0
T Q° ol e R T g
S ww w oS
PE BUE Mg FX 4
o® ' —
,Wwo m, = %rm J,_,A.Ao e W ok
— % T " T o mll ° = um ~ m
oS o R S T =
I Bozm XK o 2SN w oy
R P ey BTN K
H;l N _,A_l ,Ol OT Of O o ﬁo _A_l ‘H
= Bmorp [ BT
TE O m g w Wl
Do TR E SRy o Mo
° O I - W g
A om W e BoR g T
MM 5 ol %rm E._ w 5. Lo M m
<P do Joorom R oo NS R e T
o N ;lﬂx.ﬁo%%Mﬂz_o
en TaRdg g O % g
= o] " : XKt 7 o) o 0
Y o I oy F g o @; T W o
of DX T B N
ol IR R R
SO o o)) S Mo K T @
i o o Boop 5 T MY
Mo A \N/ = NE Nk M T ome N Wﬂ = W
RS M_ﬁ o ®m s oo oo %v
T o T oje T oo %o o s
~ "o K B R o T ® ol

37He] ko= vpdler, 7kad 2k (bridge job)

=

[

1A (maintaining), 2] &-(recovering), 12| 3L 2

U-Shape,

[e)

T

T

-

=

[
o2 Ay

3]

X

atach ZAA

S



2015
| o] 7o o

[e)

FHF%
23} A
RiN

=

A7t el

=)

1

<t

3}

=

e

L

3}k
=

L Ul

o

y o]

@_W M S
%H@ o i Mo B
ﬂ@zflwﬂ o#mmo#
o %Mwnww mmﬁ q o W
o LN - z G o1|¢
ﬂwwﬂloo_ ﬂbﬁu]wﬂwww_m
@oamE,MW Eeo&o‘m‘qﬁﬁ]
Emaﬁ.._b Eﬁeﬁﬂﬁvw §oms
,rl O_ T ,,lbr ,HA Z.:l O#E 1rL . o7 ‘_I/_m % W_.} _:Tl
uLmM% M < muaosb%.% - ~ Wﬂ@mﬁﬁ
o ﬁh{ma o Ewmmvi Q) >0 m“m 8 %
Mmdﬁﬂnuax_. uwﬂoﬂo_.mﬂnxa ,LXIMr\_m7JMX,&o
Q@%%% Urﬂommﬂ?ﬂ lxmzo),mwov o
ﬁ‘% o 2 i a,ﬂ xgeﬂﬂ% T mﬂn% tzf@q%
uruwxéaox Lﬂuaﬂﬂr]uﬁl x]ﬂﬂ%/k\ﬂﬂSeAToOﬂ
S L xuq]%ur% ) Dﬂm;ﬁgﬂ WL
occ y auu#?ﬂ - @;l ),1mha5kmﬂ
: ﬂ‘xwﬁ,ﬂduﬂ %ﬁ@e*W & &/mxab > T E
oy X g ; }agﬁo_} LD e%immo 4
z@% %}aag o % 7ﬂe7.um4%m
—_ OﬁE ‘M ‘V NU 30 ,_Mﬁll ‘NL BT._ ‘Xlﬁl U_W O_.E 1ml — ~ 7U K )AE Zu
h;ﬂwafw zw;fﬂ} oflﬂnwa.gﬂ%
)AWE;@O]E;OQ‘UFFL ﬂ_EHﬁo_/ OML‘IL].UIO‘WVI_HL
mgofyoﬂﬁ& s s fégéoﬂ%
S roor ol 0 ENeT B o] %o | w RO ol = NS gy 130 M )
mﬂ?wmﬂmawt AﬁxoTﬂ R X X __ﬂE &
o 0 o gy R ¢ i _ ~ T X ~ oE EE Ay AM —
~o Low = X & (S <B o o 5 W = (- e s
x%$l 1§ﬂg e % T o Eyo@
B o > my ! : . X JoR S
L,ljund v ,._1:1_1_. .F;o‘_ﬂlﬁoﬁl‘ul L jm}
ﬁum%ogormfﬁxﬂﬁmﬂdr;nﬂué Jmoﬁ%}ﬂ%og%%m
qmo%;wwﬁﬂwm@ag ouf.b_g H@HTL%
L.E ~X ‘Hﬂ . ‘OI —_ fils) O#E o ‘_I!,V| m_x lo _ZT.c ‘m_wl ‘\W XH 1:1_ XH o
wogewquuwewaaneogbg rmmugmqlwaﬂﬂu
Mo:_g”lgo;mnx:fw? o oﬁeﬂﬂém;m
%ﬂmm@an%éwnﬂ%@ wﬂw@w_ﬁwyam
o S ﬂo#g _E#Lﬂ,ﬂ - 7Dmu@ Mﬂﬂg_@osmlt
S L1a%\wo,gLi ) Of H,xﬂﬂiﬁ g ©
Abéluf ~ T oﬂxy o ©og
|} o N R To J| 7 72 0 F ~ N KH B/ 2 oy ! =
= I ,lLr_ NI |7D ,mﬂl 0/0\/; ﬂﬁK
%mo&ig W%wm%%Miﬂq
3.0 (\.
me”&_uw ilwm4$,w_@mﬂov$
< w N )Jwﬂﬁmﬂéﬁmﬂ%uﬂ
g - T ﬂ11.§,AT4
H ﬂop/]ﬂﬂ
Mwi goxﬂx;
TN A o LU ol
_%\ﬂzf;.% W
E%w@_ﬁ NE
e & 2
XH_N_/H
<t



(Growth Mixture Model)2 25t SE|X} 29| &xiA

g

o

(X

el

Hde= 4749 = o

Hole= He4.2%), 18]aL

HH41.8%), A&

T

T

)

°

A

At

PN
=2

Ry

fo] 2y

S|

2

o]

—_—

t&o

a

X

a]

X

75

—_—

A ¢

e

1

0
-

| =19
TC &

A ek

-

T

o]

AT

-

™, o] &5(2013)

A FEH(2014)
Ho

[e)
L

A A 4]

, AAA, 1ela A A
°]A(2005)

°

B
T

A

[e)

i

2}

=

4 2005; o3 <] 2017).

ok A -

(&
hie

15

3178 2009).

&/

s

e

op)

0%

H
<
iz

o™ (Wang & Shultz

1 tHTaylor-Carter et al. 1997). 53]

[e)
A

PN
T

Sl
=

[e)
L

oj

R
]

g
N
ol
5

2010), AA FkAL

B EH]

(24.4%),

He) el ol g

A

0
.

S

T
ko3|
=

w7}

(389%), ol A A5 5

£

F ol thn]

!

Ho]—

Bl

=
QL

Eo] =t Wang 2007). ®lo]8] 5 A

5

=

]

3}

=

O
=49 2011),

uy
iH
- O
T .

o %%
S ol whewl of 8pge] el

HA

5

w

=

i

T

=] -

]_

G

O YERE oL

<
LN

| %7
Fokek. olsh w5

(18.7%)

A=

—_L

a

JERay =

o

?Jo

i=]
2

N



ro
™
Nfo
o

i A8 9(2014), o|t3] 9(2017)E =91 2o o

HE3

2005). o]el

el

= Atoldl= F

=

A

A Mz e

=
<)

ATAAE UATHFE3H A F 2015).

o] U=

o

742 HA3(2014)2 =dA7] 2o sk A

A9, AAH A0S

A% A9, AR RA A

(e}
2

A}
o] otk W A(class membership)S 8B1& Wk oA

sl
A

Folem, Al

2 PR

7+ AF

ol

—_
fiTe)

—r

-

T
s
Hr

)
—
file)

e

o1 mZ T

3.

FAAES et

of w&

]

o
o)
oF



o

(Growth Mixture Model)

I
S

susye

ofw &7}

1.

=]

o

A

-
T

st whel -

AR/}

Al

n0

&l

1T

1.

—

= AT 2HA N

)
éE‘

A

EREEREE

B

A7 A1 A

a7] 1%

A

b 454 o4

3|
LIS

YEAKLOSA) AR S F8atatt aFFATN AL AFES A9

o=

2 Age

Baz=29 2152 20061 14 ZA}

=]

2 99 & 20161 63} ZAEA] olojx om, AFFE

= 22}

o %

179 HZF tlolE & 12} Aol A ATt

H o
- -

e84}

T = Al4f

5
T

FATE. 12} o]

5]

1A5E 44744 ] Ao 4RE B¢

bt

S|

ol A A<

2. EF

=% CES-D20

Eis

!

T -84 K Y 2018). T7AIA

3

= =L O S
s g8

& o9xT g CES-DI10

gt
&3

B/

o
ﬂwo
|

3

}o] AFE-% A tH Anderson form)(

i

10719 &

==
K3



of gt 7eeA 23 tha® A< sl

S
<+
Tl

1-4xHAnderson form)

0-10

A
el

ol

Y

b

pa—

0
2K
ol

ol

T
B
=0

=
=)
T
i

=
=

9. A/l

o

s
R

ok

%7t 1A

ks

CES-D10
Al 4

CES-D10
AE 2 AE 3

CES-D10

CES-D10
NESHI

3.69

4.13

3.96

3.15

iy

\.__wo

3.07

3.02

2.97

2.99

.30

12

.18

.83

-1.35

-1.44

-1.34

-.59

a

T

I

il

Hr

04

B Ab 127 F RS AR

—_—

S
|

#9)

1

28 AbE



(Growth Mixture Model)2 25t SE|X} 29| &xiA

I
S

dyege

s =7kl A

=y
i

No
M

B

—_—

o)
o
il
_&O
ol

sto] gt 1 9] EA

g 3
=

ZHAAEL AR

Z o

2762, 74 A =F

T
T

],

ﬂn_wo

NS

<
il

]
U

<
il

0: o=}
1: A

gl

zel

o}

s
olo

il

0

0-100

o] A H

o] hukAA(>1)

|

o

A

(¢)

LhwkA] A (1)

8: o}

7.
o 2

=
=

7}

=

fu—.

A A (1)

* 19 gRE 0o® Y

[e]

i

5 A}

(/7 A7)

[e)

R

i]in
o
nJ

pir

Ho

3. XAEEH YE

HAAS S =78kl

=
.

Bk A o]

2] (Latent Class Analysis)® #2458 (Latent

=

A A S

A
=



Growth Model)e] 2%d 2oz B U 719 thekst WA 2o mE
HAAZES &= b AFEET ZE Jfclo] e Rt &3t 7HA
skl e AA el ojst sk 4 Aol TR} Gy, AFedRd

e W B2EA g2 o]dA
HAASER 242 v el B A4 5 vk Axs 7RIt Muthén &
Muthén 2000; Jung & Wickrama 2008). & AollA] {43k Ak 25 o]§- ] AlxdellA]
o md SafolB® Ao 23k g 7kA] F40) ke sttt k(k=1,2,-+, K) FAA
<ol Esh= N1 o] Al toll sigehs Aol tiRk 42 vt 2t (Muthen
et al.,, 2002).

Yir = Noi T M0y T 7721'“? paan

Noi = Qo T Gy
M = QT Gy
Mai = Qgp T+ Cy;
Y = AAE kol 53 7121 4 9] 28] o)F A toll sgsls 2L $-27h0)

gholth. FAATR FAEE= 0y, ny, m e AAASTER WSSk HEA 4E
& g Avlske, A7 A, 14 AskE, 22 AakeS vehdh 2 ag, oy,

a?kl‘:‘; Z}- ﬁ-xﬂﬁ]%% /\6]78"&?__0/] )l % ’/]H] O]—jl U}HB‘J/} COza Clw CZZ jﬂ:%
72t FAAATE 8o Ak omgit) & Al A= 5*“]7“01 4R A



MEE35t2 5 (Growth Mixture Mode)S X5t 2E[XF 229| &iijAs 27 2 FHRQ A5 57
A 7S Ao E gt AtE AR AEAIT, RV w15 QER
3)(Entropy) +2 AHE-3} AR ASG AIC(Akaike Information Criterion)(Akaike 1974),
BIC(Baysian Infromation Criterion)(Schwarz 1978), Z12] 1. SABIC(Sample-
size Adjusted BIC)(Scolve 1987)+= Z}7; t}o-3} o] Aot}

AIC = —2In(Z)+2p

BIC = —2In(Z)+ p[ln(n)]
n+2
24

SABIC = —2In(Z)+ p[In(

~—
—_

In (L)< log likelihood, p& B9 7, ne HHE] A75 27}t oJn]aln, Yulzow
3709 ArASG Fhol A&E ¥ A ¥ e bl

a3 R ugsH S LMR LRT(Lo-Mendell-Rubin adjusted Likelihood
Ratio Test)(Metndell & Rubin 2001)2} BLRT(Parametric Bootstrappd Likelihood
Ratio Test)(Peel & McLachlan 2000)= (k-7 #AA-w 283} k7] AT
ngol A5 A& Fol HE Y-S A9 pak(p-value)o] f-2lsh=] thd
(k-D7He] A Bads Adeetar, folatthd kel e By AeEgivt
(Mendell & Rubin 2001).

R o g2 QIERY] ghe AAAFEA S ARE o= AMFEE V]
7o Ag=E Yehdl= A 3EelH, 078 1749 53k #hs 71tk <l
ro]l S5 o Ags Rdojgla & 4= glom, by o= (08 odo|H F& et
A THMuthén & Muthén 2007).
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three—step approach) FAW21S ALg&) T le] o8-S 753 (Asparouhov
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& Muthén 2014). 3219 gk S HASFsHE 394 A 5 Vermunt®] Modal
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&, 12} sk=(linear), 2%}

X’ df CFI TLI RMSEA
TRzt 2y 55.345 8 0.840 0.880 0.129
12 3¢ 2y 21.659 5 0.944 0.932 0.097
22} gk B 0.001 1 1.000 1.020 0.000

CFISE TLIS| % 90 o149l 29 $& AP=2 2 5 glom, RMSEAE: 05
2% % CFL TLL RMSEAE
Vg AEE Ao ek i Auke Fusto

o H 2 = ] o
G2 st el e AAAT 5 AAe] 8 AAASY 5 sy
S7P7IAM ARA G, B Hadg, 28]al o] Zol ofgA| MslehA] AR
Sitt S AIRs <GE 5>l AT
(Z 5) EA dYS fet EX|y, 2 HudESn 2R E Hluw
Ard =4 St
ZAS £ 274 374 474 274 374 474 574
AIC 5379.190 5376.663 5350.587 5280.980 5272.620
BIC 5456.633 5442.489 5431.901 5377.783 5384.911
SABIC 5393.184 . 5388.558 5365.280 5298.472 5292.910
#7449

LMR LRT 0.061 0.000 0.004 0.000 0.023
BLRT 0.000 0.000 0.000 0.000 0.063
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(B 8) HiAIS BF ZHROI9| CIEt2XIA|4, &4HHI2t Relx
=z SESEN
H| m & A & 7t AL ERX|
Ry L= L=
R = b 2 2=y T b 2~ Z=alp) T p
&) Qxt  value As sl 2=t value Al sl 2= value
Ad 1.285 0.655 0.701 -0.027 0.973 0.434 0.951 -0.380 0.684 0.419 0.365
Fu7 . .
A7 mhEn 0.962 0.018 0.030° -0.001 0.999 0.009 0.885 -0.023 0.977 0.010 0.021
LY R R
T .
A wE 0.972 0.019 0.148 -0.018 0.982 0.009 0.043" -0.037 0.964 0.010 0.000
o A T
S5 A
(¥l 1.046 0.638 0.944 0.477 1.611 0.497 0.337 1.036 2.818 0.483 0.032""
NED7)
S Al
(4l ¥ ) 0.799 0.903 0.803  0.592 1.808 0.531 0.265 0.200 1.221 0.691 0.773
g .
= 1.042 0.088 0.644 -0.156 0.856 0.072 0.030° -0.062 0.940 0.066 0.349
o -1
A AALE 1.260 0.119 0.053 -0.131 0.877 0.080 0.103 0.060 1.062 0.086 0.483
F4ZE A D4ZFLX]
= ImEtsy Z 7} I4+ZFRX| = 7t
3 & A= =
22 Abp] b A= 2=y T p A= Z=Am] T b
s AH] 2k value AS s A 22k value A Ak 22k value
A 0.757 0.681 0.683 -0.631 0.532 0.713 0.376 0.353 1.423 0.470 0.452
T . -
A7F upE e 1.039 0.019 0.047° 0.017 1.017 0.022 0.441 0.021 1.021 0.010 0.033
puade) R I
F oA ’
AA WET 1.009 0.020 0.639 -0.009 0.991 0.022 0.669 0.019 1.019 0.009 0.049
o A
25 AMF
(&l 1.540 0.703 0.539 0.991 2.694 0.761 0.193 -0.559 0.572 0.562 0.320
7V 17
25 A
A =) 2.264 0.964 0.397 0.425 1.530 1.166 0.716 0.392 1.480 0.817 0.631
O i h
o=
Z = 0.821 0.101 0.052 -0.103 0.902 0.099 0.300 -0.094 0.910 0.084 0.262
S ==
THOHALE 0.696 0.123 0.003"" -0.171 0.843 0.136 0.209 -0.191 0.826 0.095 0.045"
* p<0.05, ** p<0.01, *** p<0.001
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